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Abstract

This study explores how potential employees perceive the use of Artificial Intelligence (Al) tools in recruitment and
selection processes. Despite the growing adoption of Al in human resource management, limited research has
examined candidate-side perceptions. Focusing on Master's degree Human Resource Management students at the
University of Derby, this research investigates perceptions and influencing factors through a qualitative lens.
Using an interpretivist philosophy, an inductive approach, and a single-case study design, ten semi-structured
interviews were conducted. Thematic analysis revealed a nuanced perspective, with participants acknowledging
benefits such as efficiency and reduced bias, while also raising significant concerns about depersonalisation,
algorithmic opacity, and a lack of emotional sensitivity. The Technology Acceptance Model (TAM) was used to
frame the findings, highlighting that perceived usefulness and ease of use, as well as moderating factors like trust
and transparency, shaped participant attitudes. Influencing factors included prior experience with Al,
communication from employers, and the transparency of systems. The study contributes to the understanding of user
perspectives in Al-driven recruitment and offers recommendations for HR practitioners, policymakers, and
researchers to ensure responsible and inclusive implementation.

Keywords: Artificial Intelligence; Recruitment; Selection; Candidate Perception; Human Resource Management; Tam;
Ethical Al

1 Introduction

1.1 The Al Revolution in Human Resource Management

In an era increasingly defined by automation and digital transformation, artificial intelligence (Al) is rapidly reshaping
traditional human resource management (HRM) practices. One of the most profoundly affected areas is recruitment and
selection, where Al tools now assist or entirely automate tasks such as CV screening, candidate communication,
interview scheduling, and psychometric assessment. This shift towards algorithm-driven recruitment processes is not
merely a technological trend; it represents a profound change in how organisations evaluate and interact with potential
employees.

The integration of Al into HR functions is widespread and growing. A 2024 CIPD survey revealed that over 60% of large
organisations in the UK now use Al tools at some stage of the hiring process. These applications range from chatbot pre-
screening to Al-generated shortlisting and video interview platforms using facial and vocal analytics. Globally,
employers are motivated to adopt Al recruitment tools to address the growing scale and complexity of hiring, citing
benefits such as improved hiring quality, reduced time-to-hire, and standardised candidate evaluation. However, while
businesses and HR departments cite efficiency, objectivity, and scalability as key benefits of Al adoption, there are
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growing concerns among job seekers, civil society, and scholars regarding transparency, fairness, and the loss of human
judgment in hiring decisions.

1.2 Rationale and Problem Statement

Although the use of Al in recruitment has been widely discussed from the perspective of organisations and HR
professionals, relatively few studies examine how potential employees perceive these tools. This lack of research is
particularly surprising given that recruitment is a two-way process, and candidates’ experiences and perceptions
significantly influence employer brand, application rates, and, ultimately, hiring success. The rationale for this study
stems from a critical observation of this gap. The current literature is skewed towards employer or system-focused
evaluations, providing little insight into how job seekers experience or interpret algorithm-driven decisions.

A fundamental dynamic underpins this research problem: the asymmetry of power and information between employers
and job seekers. Organisations deploying Al-driven systems possess the technology, control its inputs, and interpret its
outputs, which are often concealed from the candidate. As a result, job seekers are subject to the decisions of these
opaque systems with little to no explanation or recourse. If candidates feel disempowered, misunderstood, or unfairly
evaluated by Al, they are likely to self-select out of an application process, damaging the employer brand and hindering
talent attraction efforts.

1.3 Research Question and Objectives

Based on the aim and objectives, the central research question is

e How do potential employees perceive the use of Al tools in the recruitment and selection process, and what
factors shape these perceptions?

e This question will be explored using qualitative methods, with a focus on interpreting participants lived
experiences, attitudes, and expectations regarding Al-driven hiring.

The specific objectives are

To critically review existing literature on Al in the recruitment and selection process.

To investigate the perception of potential employees on the deployment of Al tools in recruitment and selection.
To identify the factors that have shaped the perception of potential employees.

To provide recommendations based on the analysis undertaken.

1.4 Research Gap and Contribution to Knowledge

Several gaps in the existing literature justify this research. First, although there is a growing body of work on Al in HR,
most studies focus on system efficiency, recruiter adoption, or algorithm performance. Candidate perception, especially
that of potential employees yet to enter the job market, is underexplored. Second, many existing studies are quantitative
in nature, often relying on surveys or system analytics. While these approaches provide useful generalisations, they may
miss the nuanced, emotional, and contextual elements of how candidates experience Al in recruitment. A qualitative
approach is better suited to capture these dimensions. Third, there is limited research focused on the UK context,
particularly among young, educated candidates such as postgraduate HR students.

This study contributes to knowledge by filling these gaps. It offers a rich, qualitative account of how Al is understood
and evaluated by those entering the workforce, while grounding this understanding in theory (TAM) and practice. By
focusing on a unique population of Master’s degree Human Resource Management students, the study provides a dual-
lens perspective. These individuals are not only potential employees who will be subject to Al recruitment tools but also
future HR practitioners who will be responsible for their implementation. Their perceptions are therefore shaped by
both their personal experiences as job seekers and their academic knowledge of the HR discipline.

2 Materials and Methods

2.1 Research Philosophy and Approach

This research adopts an interpretivist philosophy, which prioritises understanding the subjective meanings that people
attach to social phenomena. Reality is viewed as socially constructed and is best understood by interpreting the lived
experiences and perspectives of individuals. This philosophical stance is appropriate for a study that seeks to explore
the nuanced perceptions of potential employees toward Al recruitment tools.
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The study follows an inductive research approach, which begins with observations and builds theory from the ground
up. Given that little is currently known about how the participants in this study perceive the use of Al in recruitment, it
was deemed inappropriate to begin with fixed

hypotheses. Instead, the research seeks to uncover patterns, themes, and meanings derived from participants’ lived
experiences, which will contribute to refining existing models like the Technology Acceptance Model (TAM) in a real-
world context.

2.2 Research Strategy and Design

A qualitative case study strategy was adopted for this research. The case in question involves potential employees
enrolled in the Human Resource Management postgraduate programme at the University of Derby. This group is a
relevant and focused unit of analysis, allowing for a deep understanding of how one population segment interprets Al
in recruitment. A single-case design is appropriate because the study is context-specific, with data collected from
students within one academic institution and one programme.

The research methodology uses a qualitative research method, which prioritises understanding human experiences,
beliefs, and behaviours through open-ended, non-numeric data such as interviews. This method is particularly suited
to uncovering rich, nuanced insights that cannot be captured through structured surveys alone. The use of open-ended,
semi-structured interviews allows participants to express their views in their own words and provides the flexibility to
probe deeper into specific issues that emerge during the conversation.

2.3 Data Collection

This research employed semi-structured interviews as the primary data collection technique. This approach is ideal for
a qualitative case study where the objective is to explore participants’ views in detail. The interviews followed a flexible
guide developed from themes in the literature and the TAM framework, focusing on perceived usefulness, ease of use,
fairness, and concerns regarding Al in recruitment. Semi-structured interviews allow for follow-up questions, enabling
the researcher to explore interesting or unexpected responses that arise, thereby enhancing the reliability and depth of
the data collected.

The sample for this study comprised 10 students enrolled in the MSc Human Resource Management programme at the
University of Derby. This purposive sampling technique targeted individuals who are potential employees likely to
experience the use of Al in recruitment and selection processes. All participants were contacted via university email
and provided with an information sheet and consent form. Participation was entirely voluntary, and all ethical
guidelines were strictly followed.

2.4 Data Analysis

Thematic analysis was adopted as the method of data interpretation. Thematic analysis is one of the most widely used
techniques in qualitative research and is particularly suited to exploratory studies that aim to uncover complex views
and experiences, as it allows researchers to examine how participants make sense of their world. It is compatible with
the interpretivist and inductive nature of the study and does not require a rigid coding frame, making it ideal for
capturing emergent themes. Furthermore, thematic analysis supports flexibility in theoretical frameworks, allowing it
to be used in conjunction with TAM to examine how participants perceive the usefulness and ease of Al recruitment and
selection tools.

The process of analysis followed Braun and Clarke’s (2006) six-phase framework. First, the researcher familiarised
themselves with the data by transcribing interviews verbatim and reading the transcripts to immerse themselves in the
content. Second, initial codes were generated manually to maintain closeness to the data. Third, codes were grouped
into broader themes aligned with TAM constructs and additional categories that emerged from the data. Fourth, themes
were reviewed and refined. Fifth, themes were defined and named. Finally, the report was produced. This structured
yet flexible approach ensures that findings are grounded in participants’ actual language and experiences while also
being analytically robust.

2.5 Ethical Considerations

The study was conducted in full compliance with the ethical guidelines of the University of Derby. Ethical approval was
obtained from the University’s Research Ethics Committee prior to data collection. Participants were provided with a
detailed information sheet explaining the purpose, scope, and procedures of the study. Informed consent was obtained
in writing from all participants before interviews commenced, and they were assured that their involvement was
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voluntary, with the right to withdraw at any point without any adverse consequences. All data were anonymised, and
findings are reported in aggregate or using pseudonyms to ensure confidentiality. All data were stored securely on
encrypted university servers in compliance with the UK General Data Protection Regulation (GDPR).

3 Results and Discussion

3.1 Participant Demographics

This section presents an overview of the demographic profiles of the interview participants. All ten participants were
enrolled in a Master's Degree in Human Resource Management programme at the University of Derby. The participants
varied by gender, age, and employment status.

Table 1 Participant Demographics

Pseudonym Gender | Age Range | Employment Status
Participant 1 (P1) Female | 25-30 Part-time employed
Participant 2 (P2) Female | 25-30 Unemployed
Participant 3 (P3) Female | 30-35 Unemployed
Participant 4 (P4) Female | 30-35 Employed
Participant 5 (P5) Female | 25-30 Part-time employed
Participant 6 (P6) Male 25-30 Unemployed
Participant 7 (P7) Female | 25-30 Employed
Participant 8 (P8) Male 30-35 Part-time employed
Participant 9 (P9) Male 25-30 Unemployed
Participant 10 (P10) | Male 25-30 Part-time employed

Table 4.1 from the original dissertation, reproduced in the provided document, provides a clear overview of the
demographic data of the participants.

3.2 Thematic Analysis of Findings

Six core themes emerged from the thematic analysis, providing a comprehensive view of how potential employees,
particularly those with a background in HRM, perceive Al in recruitment and selection. The following sections discuss
these themes in detail, supported by direct participant quotes and an analysis of their significance in relation to existing
literature and the study's theoretical framework, the Technology Acceptance Model (TAM).

Table 2 Summary of Key Themes

Theme |Main Theme Subthemes Linked Research
No. Objective(s)
1 Awareness and Knowledge | Sources of Information, Surface-Level Understanding, | Objective 2
of Al in Recruitment Misconceptions
2 Perceived Advantages of Al | Speed and Efficiency, Consistency and Reach, Reduced | Objective 2
Bias
3 Ethical Concerns and Trust | [ack of Transparency, Data Privacy Concerns, Loss of | Objective 2, 3
Human Judgment
4 Readiness, Knowledge, and | [jmited Awareness, Awareness Increases Trust, Desire | Objective 3
Exposure for More Information
5 Fairness, Equality, and|worry About Data Bias, Perceived Lack of |Objective 3

Employer Responsibility Accountability, and Fairness is an Employer Duty
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6 Desire  for Balan(?e ~ | Al Should Assist, Not Replace Humans, =~ Emotional Objective 2, 3
Human-AI Collaboration Intelligence, Human Involvement Builds
Trust

Table 4.2 from the original dissertation, outlining the key themes, subthemes, and linked research objectives, provides
a clear structure for the presentation of the findings.

3.2.1  Theme 1: Awareness and understanding of Al in Recruitment

The first theme that emerged from the data was the varied levels of awareness and understanding of Artificial
Intelligence tools used in recruitment and selection. While all participants demonstrated a basic conceptual familiarity
with Al, their depth of knowledge varied considerably. This understanding was largely shaped by academic exposure
rather than direct personal or professional experience.

A significant number of participants expressed uncertainty or held misconceptions about what constitutes Al in
recruitment. P1 questioned, “I'm still not sure if using LinkedIn’s job matching is considered Al. It seems automated, but
is it really AI?”. This confusion reflects what Haenlein et al. (2022) describe as algorithmic opacity, where users are
unsure of the line between conventional digital tools and Al-enhanced systems. This knowledge gap has implications
for how potential employees perceive the fairness and legitimacy of Al-driven hiring decisions. From a Technology
Acceptance Model (TAM) perspective, this uncertainty about how Al systems function directly influences a user’s
perception of the system's usefulness and ease of use, which are the core constructs of TAM. If job seekers lack an
understanding of how Al tools operate, they are less likely to perceive them as beneficial or accessible, thereby eroding
trust and willingness to engage.

3.2.2  Theme 2: Perceived Advantages and Opportunities of Al in Recruitment

Despite the conceptual ambiguity, a strong second theme emerged from the interviews: the perception of potential
benefits associated with using Al tools in recruitment and selection. Most participants recognised that Al offers notable
advantages, especially when implemented ethically and transparently. A key benefit cited was the increased efficiency
and speed it brings to the recruitment process. P10 highlighted this, stating: “Al can save a lot of time. Instead of
manually going through hundreds of CVs, the system filters them based on what the employer wants. It’s just faster”.
These sentiments reflect those in the literature, such as Chamorro-Premuzic et al. (2019), who argue that Al reduces
administrative burdens in hiring by automating repetitive tasks.

Several participants also pointed to the possibility of Al promoting fairness in hiring by mitigating unconscious bias that
often affects human decision-making. As P7 expressed: “In theory, Al should be more objective than a human. It’s not
supposed to care about your gender or accent. If programmed right, it could make hiring more fair”. P9 echoed a similar
perspective, adding: “I think Al could be good for reducing bias, especially for things like name discrimination or age
discrimination. But it depends on the data it is trained with”. This cautious optimism reflects scholarly debates about
whether Al can actually reduce discrimination. Raghavan et al. (2020) suggest that when carefully designed, algorithmic
hiring tools can screen candidates in a more standardised and potentially less biased way than humans.

Participants noted that Al offers consistency in evaluating candidates and can scale easily across large recruitment
drives. P8 shared: “With A], I think every candidate gets judged by the same system. That's better than having different
interviewers who may be looking for different things”. This perception is echoed by the CIPD (2021), which notes that
Al systems offer scalability that ensures consistent evaluation across thousands of applicants. From the perspective of
the Technology Acceptance Model (TAM), participants' recognition of Al's efficiency, objectivity, and consistency
directly aligns with the core construct of

Perceived Usefulness. The belief that Al enhances recruitment speed and fairness positively influences their willingness
to engage with such systems. This shows that potential employees see tangible, utilitarian benefits in Al, provided that
it is implemented with care.

3.2.3 Theme 3: Ethical Concerns, Trust, and Transparency

While participants acknowledged the potential benefits of Al, ethical concerns emerged as a dominant and consistent
theme. These concerns were often linked to issues of data privacy, bias, transparency, and a lack of trust in algorithmic
decision-making. Participants frequently expressed concerns that Al systems might inadvertently perpetuate or even
amplify bias, depending on how they are trained and the data they use. P4 reflected: “If the Al is trained with biased
data, it will give biased results. That's worrying, because you don’t even know where the bias is coming from”. This
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concern is grounded in real-world examples, such as the widely publicised case of Amazon’s scrapped Al hiring tool that
showed bias against women. Scholars like Hunkenschroer and Luetge (2022) have also warned that unmonitored Al
algorithms can reproduce or exacerbate existing discrimination.

Another frequent concern was the opaqueness of Al decision-making. Participants were uncomfortable with not
knowing how or why a system had rejected or advanced a candidate. P10 noted: “If  apply for a job and get rejected by
a computer, I want to know why. But with Al, you don’t really get an explanation”. These fears are echoed in
contemporary HR and Al scholarship. The UK government's Al Principles and the Equality and Human Rights
Commission (EHRC) both emphasise that transparency and explainability are core elements for ethical Al use in
employment. Another key concern was data privacy. Some participants questioned how their personal data was used
and stored during Al-assisted recruitment processes. A recurring concern was that over-reliance on Al could lead to a
depersonalised recruitment process lacking empathy, context, or human discretion. P7 stated: “Al doesn’t understand
things like tone or personal struggles. A human interviewer might give you a chance. A machine just looks for keywords”.

From a theoretical perspective, these findings relate closely to the Technology Acceptance Model (TAM), particularly
the dimension of Perceived Ease of Use, which includes trust in the system and comfort with its processes. These ethical
concerns act as a powerful counterpoint to the perceived benefits. If Al is seen as unexplainable, biased, or lacking
human empathy, users are unlikely to view it as easy or trustworthy to engage with. The evidence suggests that ethical
deployment of Al is not merely a technical or compliance matter; it fundamentally shapes how potential employees
perceive, trust, and interact with recruitment systems.

3.2.4 Theme 4: Readiness, Knowledge, and Exposure to Al in Recruitment

This theme highlights an important dimension in perception formation: a candidate's readiness and prior exposure to
Al significantly influence whether they trust, fear, or remain neutral toward its use in recruitment processes.
Participants who had limited or no direct experience with Al in recruitment often expressed uncertainty or mixed
perceptions. P2 explained: “I don’t think I've experienced Al personally in my job applications, so it’s hard to say exactly
how I feel. But it sounds impersonal to me”. This knowledge gap is consistent with research by Ruggeri et al. (2022),
which found that individuals with limited digital literacy or Al exposure often express anxiety, suspicion, or low
confidence in Al-driven decisions.

Conversely, those who had prior exposure to or understanding of Al systems, either through coursework, media, or
previous applications, showed a more nuanced and often positive perception. P3 shared: “I did a course on Al
applications in HR, so I understand some of the logic. If it's done well, it could help reduce human bias”. This suggests a
self-reinforcing cycle of digital literacy and trust. As candidates become more digitally literate and comfortable with Al,
their perceptions improve, leading to greater acceptance. Conversely, a lack of literacy can lead to fear and distrust,
which may prevent them from engaging with the technology and thus perpetuate their negative perception.

This finding supports the argument that transparency and Al literacy play a pivotal role in determining trust and
willingness to engage with such tools, as demonstrated by Laurim et al. (2021) in their study on technology acceptance.

3.2.5  Theme 5: Fairness, Equality, and Employer Responsibility

Concerns about fairness and the responsibility of employers in using Al were recurring topics throughout the
interviews. Participants questioned whether Al tools can be trusted to make equitable decisions and emphasised the
importance of accountability, especially when Al might amplify bias rather than reduce it. Several participants
highlighted that, while Al is marketed as being objective, it still relies on data, and that data can be flawed or biased. P6
noted: “If the Al is trained on biased data, won't it just repeat those biases? For example, if it's based on past hiring
patterns that favour certain ethnicities, it could reinforce discrimination”.

This sense of a lack of accountability was a significant concern for participants. P10 commented: “Who do you blame if
Al rejects your CV unfairly? The HR team? The software company? It feels like there’s no one to challenge”. This sense
of legal and ethical limbo is echoed in the literature. The European Commission’s Guidelines on Trustworthy Al and the
UK’s EHRC (2020) both emphasise that accountability and human oversight are essential principles in the development
and use of Al Participants also felt that while Al can offer efficiencies, it is the employer’s duty to ensure fairness,
equality, and inclusion. P7 stated: “Organisations should be very clear about how they ensure fairness when using Al
Are they testing it regularly? Are they involving diverse stakeholders in designing it?”. This supports calls for a
regulatory framework on Al in recruitment, such as the UK government’s Al Assurance Roadmap, which is designed to
guide the ethical, inclusive deployment of Al systems.
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This theme highlights that potential employees want transparency, recourse, and accountability in Al-assisted hiring.
Their perception is not shaped solely by technology’s effectiveness, but by its perceived ethical soundness and the
organisation’s effort to uphold fairness. While Al can remove some forms of human bias, it can also introduce or
entrench new forms of algorithmic bias. Therefore, it is not enough for organisations to trust the Al; they must actively
monitor its outputs, engage stakeholders in its design, and remain transparent with applicants.

3.2.6 Theme 6: Desire for Balance, Human-Al Collaboration

A prominent theme across participants was the desire for balance, using Al tools as supportive aids but not as
replacements for human judgment. This concern was often linked to the idea of fairness, emotional intelligence, and
organisational authenticity. Many participants welcomed Al as a complementary tool that could speed up processes,
reduce administrative burden, and standardise parts of recruitment, but were resistant to the idea of Al acting alone.
P2 said: “I think Al is good for sorting through large applications or scheduling, but the final say should be with a person.
You need human insight for context”. This sentiment is supported by empirical studies suggesting that hybrid
approaches, where Al complements human decision-making, generate better outcomes and are more accepted by
candidates (Chamorro-Premuzic et al., 2019).

Several participants also pointed out that human qualities such as empathy, emotional intelligence, and cultural
understanding are critical in assessing candidates. P3 explained: “You can’t judge confidence, sincerity, or values just
from a form or algorithm. People need to see and feel how someone behaves”. This resonates with literature cautioning
against over-reliance on Al for subjective assessments. The participants’ desire for human nuance in the hiring process
reinforces the idea that Al cannot fully replace the interpersonal and contextual evaluation that humans bring to
selection.

Participants also widely agreed that organisations that maintain human interaction in their Al-assisted recruitment
processes are more likely to be perceived as fair, inclusive, and trustworthy. P10 said: “Having a real person reach out,
even just for feedback, makes a huge difference. It shows you're not just a number”. Research by Stone et al. (2015) also
highlights the importance of human warmth in the recruitment process, which helps shape a positive employer brand
and enhances applicant experience. This theme provides clear evidence that potential employees want Al to be used as
a supportive tool, not a substitute for human decision-making. This preference aligns with models of augmented
intelligence, which stress collaboration between humans and machines rather than competition.

4  Conclusion

Summary of Key Findings

This research set out to explore how potential employees perceive the use of Al tools in recruitment and selection and
to understand the factors shaping those perceptions. The qualitative evidence gathered through interviews leads to a
clear overall conclusion: potential candidates approach Al in hiring with a mix of guarded optimism and critical scrutiny.
On one hand, they recognise Al's potential for efficiency, consistency, and scale. On the other hand, they are not passive
recipients of technology; they voice principled concerns about how Al may impact fairness, transparency, and the
human touch in hiring.

Crucially, trust emerged as the linchpin of their acceptance of Al. Candidates are willing to embrace Al tools only to the
extent that those tools are perceived as fair, explainable, and used in partnership with human judgment. Transparency
and human oversight are decisive in shaping positive perceptions. Participants indicated that when organisations are
open about using Al their comfort level rises markedly. Conversely, secretive or fully automated hiring processes breed
distrust, echoing the adage that algorithmic hiring needs a human face.

The research also identified key factors shaping these perceptions, including a self-reinforcing cycle of digital literacy
and trust. As candidates become more digitally literate, their perceptions improve, leading to greater acceptance. The
reverse is also true, suggesting that a lack of literacy can lead to fear and distrust, perpetuating a form of digital
exclusion. The findings also confirmed that ethical expectations and a desire for accountability play a crucial role, with
participants consistently calling for a "human-in-the-loop" model where a person retains final responsibility for hiring
decisions.
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Implications for Theory and Practice

The findings of this study have significant implications for both academic theory and HR practice. Theoretically, this
research validates and extends the Technology Acceptance Model (TAM) by demonstrating that ethical factors, such as
perceived fairness, transparency, and accountability, act as critical antecedents to the core TAM constructs of perceived
usefulness and ease of use. It is not enough for an Al tool to be fast or easy to use; it must also be trustworthy and
ethically sound to be truly accepted. This suggests a need for an updated or expanded model that incorporates social
and ethical dimensions of technology acceptance.

Practically, this study reaffirms that recruitment is a two-way social process and that how applicants feel about the
selection process can influence organisational outcomes. If candidates perceive an Al-driven hiring process as unfair or
dehumanising, it can damage the employer’s brand and discourage qualified talent from applying. From an employer’s
perspective, ignoring candidate perceptions of Al is risky, as it may result in lost trust, reputational harm, or even legal
challenges if biases go unaddressed. This reinforces why organisations must be attuned to the applicant’s viewpoint
when implementing Al in recruitment. The research findings provide empirical evidence to support this, highlighting
that understanding and addressing candidate perceptions is not just a matter of courtesy or ethics, but a strategic
imperative for organisations aiming to implement Al-driven recruitment successfully and sustainably.

Recommendations

Based on the analysis of candidate perceptions, the following recommendations are provided for HR practitioners,
policymakers, and academics to ensure the responsible and effective deployment of Al in recruitment and selection.

For HR Practitioners

e Implement Proactive Communication and Transparency: Organisations should clearly communicate when and
how Al tools are used in the hiring process. This can be done through dedicated sections on job portals or in
application confirmation emails. Providing explanations of the Al's role gives candidates a sense of control and
understanding, which builds trust and addresses the factor of opacity.

e Mandate Human Oversight and Accountability: To address the factor of trust and fairness, HR should adopt a
"human-in-the-loop" model. Al should be used to augment human decision-making, not replace it entirely. An
experienced recruiter should review any Al-based rejection before a candidate is formally dismissed. This
guarantees that human judgment and empathy are maintained, particularly in subjective evaluations, and
ensures accountability for decisions.

e Conduct Regular Bias Audits: To mitigate the fear of algorithmic bias, organisations should regularly audit their
Al recruitment tools. This process should involve testing for potential biases related to protected characteristics
and making necessary adjustments. Sharing a summary of audit outcomes can reassure candidates that the
employer is proactive about fairness and integrity.

For Policymakers

e Establish a Regulatory Framework: Policy can significantly influence the factors that shape candidate
perceptions by creating an environment where transparency, fairness, and accountability are non-negotiable.
It is recommended that policymakers consider establishing candidate rights in Al-mediated hiring. This could
include a mandate that candidates be informed if an Al significantly influenced a hiring decision and have the
right to request a human review of fully automated rejections.

e Promote Public Awareness: Given the clear link between awareness and trust found in this study, government
bodies should run public awareness campaigns or provide educational resources for job seekers on what to
expect from Al-driven hiring processes. By improving the public’s baseline understanding, policymakers can
help level the playing field, especially for less digitally literate job seekers, and address the systemic issue of
digital exclusion.

e Implement Certification Standards: Policymakers should consider establishing an independent audit or
certification framework for Al tools used in recruitment. Government agencies or accredited third parties could
certify recruitment Al systems against ethical criteria. Employers using certified systems could display a “Fair
Al” logo, which could positively shape candidate perceptions by signalling compliance with fairness standards.

For Academics

e Pursue a New Research Agenda: The scholarly community should extend the critical literature on Al in
recruitment. This thesis confirmed that candidate perspectives are underrepresented in research. Academics
are therefore encouraged to pursue focused studies on each major factor, for example, conducting experiments

8
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on how transparency affects candidate trust or how prior experience with Al correlates with perceptions in a
hiring scenario.

e Develop New Theoretical Models: Academics might also explore interventions, for instance, testing whether a
brief Al literacy training for job seekers changes their attitude toward Al-mediated hiring. Our study indicates
that ethical perceptions are as vital as usability in the acceptance of Al Scholars should work on formalising
this into technology acceptance theories, perhaps by extending TAM or UTAUT to include constructs like
perceived fairness or ethicality of technology.

e Investigate Long-term Perceptions: Future research should also explore how perceptions of Al in recruitment
change over time as the technology becomes more sophisticated and commonplace. Longitudinal studies could
track a cohort of job seekers over time as they encounter Al in various hiring processes, observing how their
perceptions shift with repeated exposure or changing public narratives.

Overall Implications and Closing Remarks

Drawing together the above recommendations, the overarching message is that a human-centred implementation of Al
in recruitment is both possible and necessary. HR practitioners, policymakers, and academics each have a part to play
in ensuring that Al tools enhance rather than erode fairness, trust, and candidate experience in hiring. If organisations
heed these recommendations, embedding transparency, bias audits, and human oversight in their Al-driven processes,
they are more likely to earn candidates’ confidence and reap Al's benefits (efficiency, objectivity) without incurring
backlash. Likewise, thoughtful regulation and continued research will create an ecosystem where innovation in HR
technology can flourish alongside ethical safeguards.

In closing, this study sheds light on the perceptions of the next generation of HR professionals and job seekers regarding
Al in recruitment. Their perspectives serve as an important reminder: no matter how advanced algorithms become,
recruitment ultimately concerns people’s careers and lives. Therefore, technology must be implemented in the service
of people, not at their expense. By understanding potential employees’ hopes and fears about Al, stakeholders can work
towards recruitment practices that are not only smart and data-driven but also just, transparent, and human-centric.
Such an approach will help ensure that Al-driven recruitment and selection processes are accepted and effective, leading
to positive outcomes for both employers and employees in the modern world of work.

References

[1]  Acikgoz, Y., Davison, H.K., Compagnone, M. and Laske, M. (2020) ‘Justice perceptions of artificial intelligence in
selection’, International Journal of Selection and Assessment, 28(4), pp. 399-416.

[2]  Ajunwa, L. (2020) ‘The paradox of automation as anti-bias intervention’, Cardozo Law Review, 41(4), pp. 1671-
1742.

[3] Ajzen, 1. (1985) ‘From intentions to actions: A theory of planned behaviour’, in Kuhl, J. and Beckmann, ]. (eds.)
Action Control. Berlin, Heidelberg: Springer, pp. 11-39.

[4] Abdulrahman, W.A. (2023) ‘The power of artificial intelligence in recruitment: An analytical review of current Al-
based recruitment strategies’, International Journal of Professional Business Review.

[5] Almeida, F., Junga Silva, A., Lopes, S.L. and Braz, I. (2025) ‘Understanding recruiters’ acceptance of artificial
intelligence: Insights from the Technology Acceptance Model’, Applied Sciences.

[6] Angrave, D., Charlwood, A, Kirkpatrick, I., Lawrence, M. and Stuart, M. (2016) ‘HR and analytics: Why HR is set to
fail the big data challenge’, Human Resource Management Journal, 26(1), pp. 1-11.

[71 Baldwin, S. (2006). Organisational justice. Brighton: The Institute for Employment Studies.
[8] Bell, E, Bryman, A. and Harley, B. (2019) Business research methods. 5th edn. Oxford: Oxford University Press.

[9] Bersin, ].(2019). Talent, technology, and HR predictions for 2019.Available at: (https://joshbersin.com/wp-
content/uploads/2019/01/2019_Bersin_Predictions_Final.pdf) (Accessed: 2 July 2025).

[10] Binns, R, Veale, M, Van Kleek, M. and Shadbolt, N. (2018) ‘It's reducing a human being to a percentage:
Perceptions of justice in algorithmic decisions’, in Proceedings of the 2018 CHI Conference on Human Factors in
Computing Systems. New York: ACM, pp. 1-14.

[11] Black, ].S. and van Esch, P. (2020) ‘Al-enabled recruiting: What is it and how should a manager use it?’, Business
Horizons, 63(2), pp. 215-226.



[12]

[13]

[14]

[15]

[16]

[17]

[18]

[19]

[20]

[21]

[22]

[23]
[24]

[25]

[26]

[27]

[28]

[29]
[30]

[31]

[32]
[33]

[34]

Global Journal of Advanced Research and Reviews, 2025, 03(02), 001-012

Bodea, C.N,, Paparic, M., Mogos, R.I. and Dascalu, M.I. (2024) ‘Artificial intelligence adoption in the workplace and
its impact on the upskilling and reskilling strategies’, Amfiteatru Economic, 26.

Bogen, M. and Rieke, A. (2018) Help wanted: An examination of hiring algorithms, equity and bias. Washington,
DC: Upturn.

Braun, V. and Clarke, V. (2006) ‘Using thematic analysis in psychology’, Qualitative Research in Psychology, 3(2),
pp- 77-101.

British Psychological Society (2021). BPS code of human research ethics. Leicester: BPS. Bryman, A. (2016). Social
research methods. 5th edn. Oxford: Oxford University Press.

Chamorro-Premuzic, T., Winsborough, D., Sherman, R. and Hogan, R. (2016) ‘New talent signals: Shiny new
objects or a brave new world?’, Industrial and Organizational Psychology, 9(4), pp. 621-640.

Chamorro-Premuzic, T., Akhtar, R., Winsborough, D. and Sherman, R. (2017) ‘The datafication of talent: How
technology is advancing the science of human potential at work’, Current Opinion in Behavioral Sciences, 18, pp.
13-16.

CIPD (2021) People analytics: Driving business performance with people data. London: Chartered Institute
of Personnel and Development.

CIPD (2022). Bringing on the brain bots: A missed opportunity for HR?. Available at:
https://www.cipd.org/uk/views-and-insights/thought-leadership/insight/intelligent-automation/(Accessed:
5 July 2025).

CIPD (2023) Using Al responsibly in people management. Available at: https://www.cipd.org/uk/views-and-
insights/thought-leadership/insight/ai-people-management/ (Accessed: 14 July 2025).

CIPD (2023) People Profession 2030: A collective view of future trends. Available at:
https://www.cipd.org/uk (Accessed: 1 July 2025).

CIPD (2024) Artificial intelligence and automation in the workplace. Available at: https://www.cipd.org/uk
(Accessed: 3 August 2025).

Cohen, L., Manion, L. and Morrison, K. (2018). Research methods in education. 8th edn. London: Routledge.

Cowgill, B., Dell’Acqua, F. and Deng, S. (2021) ‘Bias and productivity in humans and algorithms: Theory and
evidence from résumé screening’, Columbia Business School Research Paper.

Creswell, J.W. and Creswell, ].D. (2017). Research design: Qualitative, quantitative, and mixed methods
approaches. 5th edn. Thousand Oaks, CA: Sage.

Creswell, ].W. and Poth, C.N. (2018). Qualitative inquiry and research design: Choosing among five approaches.
4th edn. Thousand Oaks, CA: Sage.

Dastin, J. (2018) ‘Amazon scraps secret Al recruiting tool that showed bias against women’, Reuters, 10 October.
Available at: (https://www.reuters.com/article/us-amazon-com-jobs-automation-insight-idUSKCN1MKO08G)
(Accessed: 11 July 2025).

Dattner, B., Chamorro-Premuzic, T., Buchband, R. and Schettler, L. (2019) ‘The legal and ethical implications of
using Al in hiring’, Harvard Business Review, 97(4), pp. 20-22.

Deloitte (2023) State of Al in the enterprise: 5th edition. London: Deloitte Insights.

Denzin, N.K. and Lincoln, Y.S. (2018). The Sage handbook of qualitative research. 5th edn. Thousand Oaks, CA:
Sage.

EHRC (2020) Al: Guidance on Al, algorithms and automated decision-making. London: Equality and Human
Rights Commission.

European Commission (2019) Ethics guidelines for trustworthy Al. Brussels: European Commission.

Fisher, S.L., Bonaccio, S. and Connelly, C.E. (2024) ‘Al-based tools in selection: Considering the impact on
applicants with disabilities’, Organizational Dynamics, 53(1).

Fritts, M. and Cabrera, F. (2021) ‘Al recruitment algorithms and the dehumanization problem’, Ethics and
Information Technology, 23, pp- 325-337.

10



[35]

[36]

[37]

[38]

[39]

[40]

[41]
[42]

[43]

[44]

[45]

[46]

[47]

[48]

[49]

[50]

[51]

[52]

[53]

[54]

[55]

Global Journal of Advanced Research and Reviews, 2025, 03(02), 001-012

GOV.UK (2024) Responsible Al in recruitment: Guide. Department for Science, Innovation and Technology.
Available at: https://www.gov.uk/government/publications/responsible-ai-in-recruitment-guide (Accessed:
22 July 2025).

GOV.UK (2024) Al assurance  principles in HR and  recruitment.  Available at:
https://www.gov.uk/government/publications/ai-assurance-principles-in-hr-and-recruitment (Accessed: 19
July 2025).

Harver (2023). The state of pre-employment assessment. Amsterdam: Harver.

HireVue (2024) Unveiling Al in hiring: Candidate perspectives. Available at:
https://www.hirevue.com/blog/hiring/candidate-insights-ai-hiring-report (Accessed: 4 August
2025).

Horodyski, P. (2023) ‘Applicants’ perception of artificial intelligence in the recruitment process’, Computers in
Human Behavior Reports, 11, 100303.

Hunkenschroer, A.L. and Luetge, C. (2022) ‘Ethics of Al-enabled recruiting and selection: A review and research
agenda’, Journal of Business Ethics, 178, pp. 977-1002.

ICO (2021) Guidance on Al and data protection. Wilmslow: Information Commissioner’s Office.

Jeske, D. and Shultz, K.S. (2016) ‘Using social media content for screening in recruitment and selection: Pros and
cons’, The Psychologist-Manager Journal, 19(2), pp. 59-76.

Karaboga, T. and Vardarlier, P. (2020) ‘Examining the use of artificial intelligence in recruitment processes’,
Bussecon Review of Social Sciences, 2(4), pp. 1-17.

Kdchling, A., Riazy, S., Wehner, M. and Simbeck, K. (2020) ‘Highly accurate, but still discriminatory: A fairness
evaluation of algorithmic video analysis in the recruitment context’, Business and Information Systems
Engineering, 62, pp. 261-276.

Laurim, V., Arpaci, S., Prommegger, B. and Krcmar, H. (2021) ‘Computer, whom should I hire? - Acceptance
criteria for artificial intelligence in the recruitment process’, in Proceedings of the 54th Hawaii International
Conference on System Sciences, pp. 5495-5504.

Lee, M.K. (2018) ‘Understanding perception of algorithmic decisions: Fairness, trust, and emotion in response to
algorithmic management’, Big Data and Society, 5(1), pp. 1-16.

Leicht-Deobald, U., Busch, T., Schank, C., Weibel, A., Schafheitle, S., Wildhaber, I. and Kasper, G. (2019) ‘The
challenges of algorithm-based HR decision-making for personal integrity’, Journal of Business Ethics, 160(2),
pp. 377-392.

Ngrskov, S., Damholdt, M.F., Ulhgi, ].P., Jensen, M.B., Mathiasen, M.K,, Ess, C.S. and Seibt, ]. (2022) ‘Employers’ and
applicants’ fairness perceptions in job interviews: Using a teleoperated robot as a fair proxy’, Technological
Forecasting and Social Change, 179, 121634.

Ore, 0. and Sposato, M. (2021) ‘Opportunities and risks of artificial intelligence in recruitment and selection’,
International Journal of Organizational Analysis, 29(2), pp. 341-359.

Raghavan, M., Barocas, S., Kleinberg, ]. and Levy, K. (2020) ‘Mitigating bias in algorithmic hiring: Evaluating claims
and practices’, in Proceedings of the 2020 Conference on Fairness, Accountability, and Transparency. New York:
ACM, pp. 469-481.

Raji, I.D., Bender, E.M,, Paullada, A., Denton, E. and Hanna, A. (2020) ‘Al and the everything in the whole wide
world benchmark’, NeurIPS Workshop on Ethics in NLP.

Ruggeri, K., Maguire, A. and Garcia-Garzon, E. (2022) ‘Public trust in Al: A systematic review’, Computers in
Human Behavior, 128, 107129.

Singha, S. and Singha, R. (2023) ‘Role of candidate perceptions in employer branding’, Journal of Human Resource
Management Research, 14(1), pp. 90-105.

StandOut CV (2024) AI in recruitment: 2024 statistics and trends in the UK. Available at: https://standout-
cv.com/ai-in-recruitment-uk (Accessed: 30 July 2025).

Stone, D.L., Deadrick, D.L., Lukaszewski, K.M. and Johnson, R. (2015) “The influence of technology on the future of
human resource management’, Human Resource Management Review, 25(2), pp. 216-231.

11



[56]

[57]

[58]

[59]

[60]

[61]

[62]

[63]

Global Journal of Advanced Research and Reviews, 2025, 03(02), 001-012

Tursunbayeva, A., Di Lauro, S. and Pagliari, C. (2018) ‘People analytics - A scoping review of conceptual
boundaries and value propositions’, International Journal of Information Management, 43, pp. 224-247.

Tursunbayeva, A., Pagliari, C., Di Lauro, S. and Antonelli, G. (2021) ‘The ethics of people analytics: Risks,
opportunities and recommendations’, Personnel Review, 50(4), pp. 1165-1184.

Upadhyay, A.K. and Khandelwal, K. (2018) ‘Applying artificial intelligence: Implications for recruitment’,
Strategic HR Review, 17(5), pp. 255-258.

van Esch, P. and Black, J.S. (2019) ‘Factors that influence new generation candidates to engage with and complete
digital, Al-enabled recruitment’, Business Horizons, 62(6), pp. 729-739.

Venkatesh, V., Morris, M.G., Davis, G.B. and Davis, F.D. (2003) ‘User acceptance of information technology: Toward
a unified view’, MIS Quarterly, 27(3), pp. 425-478.

Vrontis, D., Christofi, M., Pereira, V., Tarba, S., Makrides, A. and Trichina, E. (2022) ‘Artificial intelligence, robotics,
advanced technologies and human resource management: A systematic review’, International Journal of Human
Resource Management, 33(6), pp- 1237-1266.

Woods, S.A., Ahmed, S., Nikolaou, L., Costa, A. and Anderson, N.R. (2020) ‘Personnel selection in the digital age: A
review and conceptual analysis of Al and machine learning in selection’, Human Resource Management Review,
30(2), 100692.

Zhang, ]. and Vasarhelyi, M.A. (2022) ‘The role of artificial intelligence in human decision-making’, Journal of
Emerging Technologies in Accounting, 19(1), pp- 75-90.

12



